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This report was generated autonomously by an AI replication pipeline for the “Does Empirical Finance
Replicate?” project. It documents one attempt to reproduce the paper’s main analysis from the data and
methods described below. Individual replications may contain mistakes. Treat the numbers as estimates
to be checked, not as a verdict on the original paper. Original article: doi:10.1093/rfs/hhp064.

1 Summary

1.1 The Paper

The paper asks whether a borrower obtains cheaper credit by returning to the same lead bank. The
authors take LPC DealScan syndicated loans to public U.S. firms over 1986–2003, merge them with
Compustat, and regress the all-in-spread-drawn (AISD) on a relationship measure built from the
borrower’s prior five years of loans, together with loan and borrower controls and fixed effects.
Relationship borrowing lowers spreads by 10–17 bps. The benefit concentrates in informationally
opaque firms and dissipates for large, rated, or S&P 500 firms.

1.2 Replication Findings

The headline Table 4 result replicates qualitatively. Borrowing from a prior lead bank lowers the
spread by 14.20 bps (t = 5.64) for REL(Dummy), 15.75 bps for REL(Number), and 15.91 bps for
REL(Amount), each significant at 1% and carrying the paper’s negative sign. Sample size is 11,881
versus 13,158 (0.90) and R2 is 0.532 versus 0.57. An out-of-sample test on 2004–2017 confirms the
finding, with relationship discounts of 26–32 bps, all significant at 1%.

2 Data

Loan contract terms come from the LPC DealScan facility, currfacpricing, lendershares, and
company tables, with AISD taken from allindrawn. Borrower fundamentals come from Compustat
annual fundamentals (comp.funda) and S&P senior ratings from comp.adsprate.

The paper links DealScan borrowers to Compustat through the authors’ manual match (Bharath
et al. 2007). We substitute the public Chava-Roberts DealScan–Compustat link, April 2018 vintage,
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a facility-level crosswalk (facid→ gvkey, 177,012 rows, 20,503 firms) identical to the WRDS linking
table. That substitution recovers 90% of the published loan count, far above the roughly 40% a
ticker match delivers, and it is the main reason our sample size lands within 10% of the paper’s.

The universe is USD facilities to U.S. nonfinancial firms, meaning Compustat sich outside
6000–6999, over 1986–2003. We keep only loans with at least one prior loan in the five-year window,
because the relationship measure is otherwise undefined. We winsorize continuous variables at
1/99 and apply the paper’s six-month accounting-availability rule when matching fiscal years. The
final sample holds 11,887 facilities across 3,396 firms before six singleton fixed-effect observations
drop out.

3 Methodology

The dependent variable is

AISD = coupon spread over LIBOR on the drawn amount + annual fee (bps).

For each relationship measure M ∈ {Dummy, Number, Amount} we estimate

AISDi = β1REL(M)i + γ′Xi + δ′Zi + FE + ε i,

where Xi holds loan controls (log maturity, collateral dummy, log loan size in 2000 dollars), Zi
holds borrower controls (log assets, leverage, log(1+coverage), profitability, tangibility, current
ratio, market-to-book), and FE are year, loan-purpose, loan-type, S&P rating notch (with not-rated
kept separate), and one-digit-SIC fixed effects. REL(Dummy) equals one if any current lead bank
lent to the borrower as a lead in the prior five years. REL(Number) and REL(Amount) are the
prior deal-count and prior dollar shares attributable to a current lead bank, taking the maximum
across lead banks. We identify lead banks by leadarrangercredit=Yes, supplemented by the
paper’s Agent, Admin agent, Arranger, Lead bank, and Sole lender roles, and we consolidate lender
entities through DealScan ultimateparentid. Coverage and profitability are bounded below at
zero, which matches their printed Table 2 minima. Standard errors are clustered by firm.

Remaining data difference. DealScan’s ultimate-parent hierarchy covers the full lender uni-
verse and produces REL(Dummy) incidence of 68.8%, against 68.6% in the paper’s Table 1, but it
is static, whereas the paper’s hand-built Fed-NIC, SDC, Lexis-Nexis, and Hoover’s chronology
is time varying. The public Chava-Roberts facility link likewise stands in for the paper’s manual
DealScan–Compustat match. Both substitutions leave the relationship measure measured with
error that the paper’s hand collection avoids.

4 Results

4.1 Table 4: Effect of Lending Relationships on the Cost of Borrowing

Table 1 places our estimates beside the paper’s. All three relationship measures lower the spread
and are significant at 1%, exactly as in the paper. Our REL(Dummy) coefficient is −14.20 (t = 5.64)
against the paper’s −10.55; REL(Number) is −15.75 against −9.94; REL(Amount) is −15.91 against
−10.15. The regression uses the same loan and borrower controls, rating-notch and other fixed
effects, and firm-clustered inference described in the paper.
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Table 1: Table 4 replication. DV = AISD (bps). Relationship coefficient by measure, with paper
comparators. t-statistics in parentheses.

REL(Dummy) REL(Number) REL(Amount)

Ours Paper Ours Paper Ours Paper

REL(M) −14.20 −10.55 −15.75 −9.94 −15.91 −10.15
(5.64) (4.32) (5.60) (3.65) (5.70) (3.79)

Significance *** *** *** *** *** ***

N 11,881 13,158 11,881 13,158 11,881 13,158
R2 0.532 0.57 0.532 0.57 0.532 0.57

Firms: 3,396. SE clustered by firm (gvkey). Fixed effects: year, loan purpose, loan type, S&P rating notch (not-rated
separate), one-digit SIC. Paper t-statistics computed from the reported coefficients and standard errors in Table 4

columns (1)–(3).

4.2 Out-of-Sample Test, 2004–2017

We estimate the identical specification on 2004–2017, the span running from the close of the paper’s
sample to 2017, where the available DealScan extract ends. Table 2 reports the result. Every
relationship measure stays negative and significant at 1%, at −26.08 for REL(Dummy), −31.72 for
REL(Number), and −31.90 for REL(Amount).

Table 2: Out-of-sample (2004–2017). DV = AISD (bps). t-statistics in parentheses.

REL(Dummy) REL(Number) REL(Amount)

REL(M) −26.08 −31.72 −31.90
(5.65) (7.14) (7.12)

Sig. *** *** ***
N 12,418 12,418 12,418
R2 0.543 0.545 0.545

SE clustered by firm. Same fixed effects as Table 1.

The replication reproduces the paper’s central claim that prior lending relationships materially
lower loan spreads, with identical signs and significance across all specifications in sample and out
of sample. The static timing of the lender-family hierarchy remains the principal limitation.
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