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This report was generated autonomously by an Al replication pipeline for the “Does Empirical Finance
Replicate?” project. It documents one attempt to reproduce the paper’s main analysis from the data and
methods described below. Individual replications may contain mistakes. Treat the numbers as estimates
to be checked, not as a verdict on the original paper. Original article: doi:10.1093/rfs/hhg035.

1 Summary

1.1 The Paper

Sias asks whether institutional investors herd, and he measures herding directly. Each quarter
he computes, for every security, the fraction of trading institutions that are buyers, and he then
correlates that fraction across securities with its value in the previous quarter. A positive corre-
lation means institutions follow each other or themselves into and out of the same securities. He
decomposes the correlation into a part from institutions following their own lagged trades and a
part from institutions following other institutions (herding). Using CDA-Spectrum 13F holdings
and CRSP over 1983-1997, he finds a strong positive correlation that strengthens with the number
of traders, with the herding component dominating. The evidence supports herding driven by
institutions inferring information from each other’s trades.

1.2 Replication Findings

The replication reproduces Table 2 closely. The herding correlation is 0.121 for securities with
at least one trader against the paper’s 0.119, with an R? of 1.93% against 1.93%, and 0.180 for
securities with at least five traders against the paper’s 0.176. The decomposition carries the pa-
per’s message. Own trades and herding contribute about equally for thinly traded names, and
the herding component dominates and rises with the number of traders. Sample construction is
almost exact, with 897 qualifying managers per quarter against the paper’s 894 and 556 managers
in June 1983, which matches exactly. Restricting CRSP to common stock worsens the match, so
the security universe follows the paper’s literal wording and admits all stocks. Out of sample
over 1998-2012 herding is confirmed and strengthens, while the own-trades component nearly
vanishes.



2 Data

The institutional holdings come from Thomson Reuters 13F (tfn.s34), the current vintage of the
CDA-Spectrum database the paper used. Each record gives a manager (mgrno), a quarter-end
report date, a security (cusip), and shares held. Amended filings are deduplicated by manager,
cusip, and quarter, keeping the maximum share count. Shares outstanding, exchange, and the
historical NCUSIP come from the CRSP monthly stock file (crsp.msf) and the CRSP names file
(crsp.msenames), restricted to NYSE, AMEX, and NASDAQ (exchcd 1, 2, 3). The Thomson cusip
links to CRSP through the date-aware NCUSIP, and shares outstanding equal CRSP SHROUT times
one thousand.

The sample runs from 1983Q1 through 1997Q4. Sixty quarter-end snapshots yield fifty-nine
buy-fractions and fifty-eight cross-sectional regressions, exactly the paper’s design. A security
enters the cross-section in a quarter only if CRSP reports shares outstanding at both that quarter-
end and the prior one, which enforces the paper’s same-cusip-both-ends rule and removes IPOs,
delistings, and cusip changes. The replication applies no share-code filter, matching the paper’s
“all NYSE, AMEX, and NASDAQ stocks.” That universe leaves about 5,830 securities with at least
one institutional trader per quarter against the paper’s 5,505.

3 Methodology

The dependent variable is the raw fraction of institutions buying security k in quarter ¢,

#buyers, ,

RawAy; = .
AW Bkt #buyers, , + #sellersy

An institution counts as a buyer if its fractional ownership (shares divided by shares outstanding)
rose over the quarter, as a seller if it fell, and as neither if the fraction or the share count is un-
changed. New positions count as buys and exits as sells. A manager qualifies only by holding at
least one security at both quarter-ends.

For each quarter, RawAy ; is standardized across securities and regressed on its lagged value.
Because standardization is linear and there is a single regressor, the slope ; equals the cross-
sectional Pearson correlation between RawAj; and RawAy;_;. Table 2 reports the time-series
mean of B; over the fifty-eight quarters, with a t-statistic from the time-series standard error.
Equation (4) decomposes the correlation. The own-trades term sums, over managers trading k
in both quarters, (df, — RawA;)(d; ! — RawA;_1)/(Ni:Ni;_1), the herding term is the remainder,
and both are divided by (K — 1)s;s;_1. The cross-section is run for securities with at least 1, 5, 10,
and 20 traders.

Key differences from the paper. Two differences arise, both minor. First, the holdings source
is the current Thomson s34 vintage rather than the circa-2000 CDA-Spectrum tape. Manager
counts match to within 1%, so the difference is immaterial. Second, no share-code restriction is
applied, which leaves the security universe about 6% larger than the paper’s and slightly raises
the correlations in the higher-trader-count panels.



4 Results

4.1 Table 1 validation

The sample matches the paper closely, confirming the construction before any herding test.

Table 1: Sample counts: replication vs paper (time-series averages over quarters).

Replication Paper

Qualifying managers per quarter

Managers, June 1983
Managers, December 1997
Securities with > 1 trader
Securities with > 5 traders

Securities with > 10 traders
Securities with > 20 traders

897
556
1,283
5,834
3,982
2,992
2,050

894
556
1,274
5,505
3,783
2,851
1,966

4.2 Target table: herding test (Table 2)

Table 2 reports the average correlation and its decomposition. The correlation is strongly positive
and highly significant in every panel and rises with the number of traders. For securities with
at least one trader the own-trades and herding components are nearly equal, and for the higher-
threshold panels herding dominates and grows while the own-trades component shrinks. This
is exactly the paper’s pattern. The headline panels (A and B) match to within three percent, and
panel A’s R? is identical at 1.93%. Panels C and D run modestly higher, tracking the slightly larger

security universe.

Table 2: Herding test. Average cross-sectional correlation 8 between the fraction of institutions buying this
quarter and last quarter, decomposed into following own trades and herding (following others). t-statistics

in parentheses.

Panel Source B (corr) Own trades Herding R?
> 1 trader repl. 0.1210 (13.4)  0.0571 (7.1) 0.0639 (11.4) 1.93%
paper 0.1194 (12.7) 0.0617 (7.3) 0.0576 (10.1) 1.93%
> 5traders  repl. 0.1798 (26.2) 0.0631 (16.1) 0.1166 (19.8) 3.50%
paper  0.1755(25.5) 0.0674 (17.7) 0.1081 (18.9) 3.05%
> 10 traders repl. 0.1863 (29.3) 0.0515(22.7) 0.1349 (23.9) 3.70%
paper 0.1727(30.8) 0.0554 (23.3) 0.1173 (23.6) 3.16%
> 20 traders repl. 0.1829 (28.9) 0.0373 (24.0) 0.1456 (25.0) 3.57%
paper 0.1602 (29.9) 0.0414 (25.4) 0.1188 (24.0) 2.73%

58 quarterly cross-sectional regressions, 1983Q1-1997Q4. t-statistics from time-series (Fama-MacBeth) standard errors.

4.3 The share-code restriction

Full output in final-table.txt.

Restricting the CRSP universe to common stock (share codes 10 and 11) moves the panel-A corre-
lation to 0.1348, further from the paper’s 0.1194, and cuts the security counts below the paper’s.



The paper’s literal “all stocks” universe gives the closer match, so the results above impose no
share-code restriction.

44 Out-of-sample test (1998-2012)

Applying the same procedure to the fifteen years after the paper’s window confirms herding. The
correlation stays positive and significant at 0.066 (t = 7.3) for securities with at least one trader,
0.143 (t = 17.5) for at least five, and 0.192 (t = 14.9) for at least twenty. The composition shifts. The
own-trades component nearly vanishes, reaching —0.008 in panel A, while the herding component
dominates and exceeds its in-sample value. This matches the paper’s own Section 4 evidence that
institutions follow their own lagged trades less as market liquidity improves, and it shows the
herding phenomenon itself strengthening after 2000.



